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A.I. IS YOUR NEW 
DESIGN MATERIAL



HOW DO YOU 
WORK WITH 
A NEW DESIGN 
MATERIAL?



Juicero



bloomberg.com/news/videos/2017-04-18/do-you-need-a-400-juicer-video





 It is meant to start  
 conversations. 

 My juicer is not meant  
 to squeeze lemons.

Philippe Starck











AUTOMATED YET DISTRACTING. 
BOASTFUL YET MEDIOCRE. 
CONFIDENT YET WRONG.”

Fast Company product review

“

https://www.fastcodesign.com/3065667/this-1500-toaster-oven-is-everything-thats-wrong-with-silicon-valley-design



HOW DO WE USE 
TECHNOLOGY 
IN A WAY THAT IT 
WANTS TO BE USED?



HOW DO WE USE 
TECHNOLOGY 
IN A WAY THAT 
ADDS MEANING?



HOW DO WE USE 
TECHNOLOGY 
TO AMPLIFY 
HUMAN POTENTIAL?



MACHINE 
LEARNING IS A 
DESIGN MATERIAL



LEARNING IS A 
DESIGN MATERIAL

WHAT CAN IT DO? 
WHAT IS ITS GRAIN? 
HOW DOES IT CHANGE US?



one: what can it do?

WHY TEAM UP WITH 
MACHINE 
LEARNING?



WHAT IF WE COULD 
DETECT PATTERNS 
IN ANYTHING, 
AND ACT ON THEM?



5 APPLICATIONS  
4 QUESTIONS



1. RECOMMENDATION 
2. PREDICTION 
3. CLASSIFICATION 
4. CLUSTERING 
5. GENERATION
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GET COZY WITH 
CASUAL USES OF 
MACHINE 
LEARNING



LET’S SPRINKLE A 
LITTLE MACHINE 
LEARNING ON IT.”

Josh Clark

“



Organize and group things 
(people, concepts, transactions) 
according to their affinities 
and differences

CLUSTERING



CLUSTERING

IDENTIFY 
INVISIBLE 
PATTERNS



STAR WARS
droid overjoyed
COOKIE
naughty biscotti
LINCOLN
desegregation oration

ROCKING CHAIR CANINE
combats catsknitter sitter
BOLLYWOOD
hindi indie
STOPWATCH
clocks jocks

machinamenta.blogspot.com/2016/06/wordplay-utilities.html

CLUSTERING + GENERATION



1. RECOMMENDATION 
2. PREDICTION 
3. CLASSIFICATION 
4. CLUSTERING 
5. GENERATION
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uizard.io



https://airbnb.design/sketching-interfaces/



GIVE ME A HEADER WITH A 
NAVIGATION BAR, 
FOLLOWED BY A 

CAROUSEL AND A HERO 
IMAGE, PLEASE.



TIME-CONSUMING 
REPETITIVE 
DETAIL-ORIENTED 
ERROR-PRONE 
JOYLESS







LET PEOPLE DO 
WHAT THEY DO BEST

LET MACHINES DO 
WHAT THEY DO BEST



FOCUS 
ATTENTION AND 
JUDGMENT



WHAT IF WE COULD 
DETECT PATTERNS 
IN ANYTHING, 
AND ACT ON THEM?



BE SMARTER 
WITH QUESTIONS 
WE ALREADY ASK

1.



ASK ENTIRELY 
NEW KINDS OF 
QUESTIONS

2.



UNLOCK NEW 
SOURCES OF 
DATA

3.



SURFACE 
INVISIBLE 
PATTERNS

4.



1. BETTER ANSWERS 
2. NEW QUESTIONS 
3. NEW DATA SOURCES 
4. INVISIBLE PATTERNS



THE JOB OF UX: 
POINT A.I. AT 
PROBLEMS 
WORTH SOLVING



two: what is its grain?



WHAT IS THE 
SWEET SPOT OF 
MACHINE LEARNING?



• WEIRDNESS 
• NARROW DOMAINS 
• OPAQUE LOGIC 
• PROBABILISTIC RESULTS 
• PEGGED TO “NORMAL”

the “grain” of machine learning



THE MACHINES 
ARE WEIRD

1.



14,000 
BRAIN HOURS



Eron Gjoni 
twitter.com/eron_gj/status/967672260147470336



Prancercise 
youtu.be/o-50GjySwew



THE MACHINES 
ARE WEIRD

WE ARE WEIRD



Young Mother
Pierre-Auguste Renoir 
Barnes Foundation



Young Mother
Pierre-Auguste Renoir 
Barnes Foundation

A BOY 
HOLDING A 
TEDDY BEAR



medium.com/barnes-foundation/using-computer-vision-to-tag-the-collection-f467c4541034



medium.com/barnes-foundation/using-computer-vision-to-tag-the-collection-f467c4541034

 This gets you thinking,  
 and making connections;.

 It’s this magic. 
 that we want to keep..

 Shelley Bernstein. 
 Barnes Foundation.



DRAW INSIGHT 
FROM THE 
UNEXPECTED

the machines are weird, so…







DESIGN FOR 
FAILURE AND 
UNCERTAINTY

the machines are weird, so…



OUR JOB IS TO SET 
EXPECTATIONS 
AND CHANNEL 
BEHAVIOR



B.A.S.A.A.P.*
*be as smart as a puppy



MAKING SMART THINGS THAT 
DON’T TRY TO BE TOO SMART 
AND [THAT] MAKE ENDEARING 
FAILURES IN THEIR ATTEMPTS 
TO LEARN AND IMPROVE.”

Matt Jones

“

berglondon.com/blog/2010/09/04/b-a-s-a-a-p/







MATCH LANGUAGE 
AND MANNER TO 
SYSTEM ABILITY

the machines are weird, so…







A PERSON HOLDING 
A CELL PHONE”“



A PERSON HOLDING 
AN OBJECT”“



A PERSON HOLDING 
AN OBJECT 
(MAYBE A CELL PHONE?)”

“



A PERSON HOLDING 
AN OBJECT 
(MAYBE A CELL PHONE? 
OR GUITAR? 
OR VIOLIN?)”

“



NARROW 
DOMAINS

2.



CycleGAN 
github.com/junyanz/CycleGAN



CycleGAN 
github.com/junyanz/CycleGAN





THIS IS NOT REAL 
INTELLIGENCE



THIS GIVES YOU 
INFINITE INTERNS, 
OR PERHAPS, INFINITE 
TEN YEAR OLDS.”

Benedict Evans

“

ben-evans.com/benedictevans/2018/06/22/ways-to-think-about-machine-learning-8nefy



SOLVE 
NARROW 
PROBLEMS

narrow domains do best, so…



NARROW 
PROBLEMS DON’T 
HAVE TO BE 
SMALL PROBLEMS



WE CAN BUILD THESE 
MODELS, BUT WE DON’T 
KNOW HOW THEY WORK.” 

Deep Patient project leader Joel Dudley

“

https://www.technologyreview.com/s/604087/the-dark-secret-at-the-heart-of-ai/



OPAQUE LOGIC

3.





HELP PEOPLE 
FORM A USEFUL 
MENTAL MODEL

the logic is opaque, so…



Skipped Margaritaville  — Remove song from my history 



SIGNAL 
YOUR INTENTION

the logic is opaque, so…



A dormant Android phone sends 
Google your location info 
340 times per hour

https://digitalcontentnext.org/blog/2018/08/21/google-data-collection-research/



Facebook gathers your info from your friends’ contacts, 
and your phone number from double authentication 
—and uses that info for ad targeting

https://digitalcontentnext.org/blog/2018/08/21/google-data-collection-research/



IF YOU THINK 
PEOPLE WON’T 
LIKE IT…



YOU PROBABLY 
SHOULDN’T DO IT



MAKE 
TRANSPARENCY 
A DEFAULT 
DESIGN PRINCIPLE



WHAT IS THE 
SYSTEM 
OPTIMIZED FOR?



MEASURE 
MEASURE 
MEASURE

the logic is opaque, so…



MACHINE 
LEARNING IS  
PROBABLISTIC

4.



azure.microsoft.com/en-us/services/cognitive-services/directory/















aclu.org/blog/privacy-technology/surveillance-technologies/amazons-face-recognition-falsely-matched-28



“I DON’T KNOW” 
IS BETTER THAN A 
WRONG ANSWER



https://bigmedium.com/ideas/systems-smart-enough-to-know-theyre-not-smart-enough.html



PRESENT INFORMATION 
AS SIGNALS, 
NOT ABSOLUTES

results are probabilistic, so…



THE MACHINES 
REINFORCE 
NORMAL

5.



WHAT IS 
NORMAL?





WHAT IF NORMAL 
IS GARBAGE?





LET’S NOT 
CODIFY THE PAST

ML reinforces normal, so…



LET’S NOT 
CODIFY THE PAST

ML reinforces normal, so…



SURFACING BIAS 
ALLOWS US 
TO ACT ON IT



HELP USERS 
KNOW WHEN TO 
BE CRITICAL

ML reinforces normal, so…





80% REDUCTION 
OF FUTURE 
IMPRESSIONS

“DISPUTED” LABEL



medium.com/facebook-design/designing-against-misinformation-e5846b3aa1e2



medium.com/facebook-design/designing-against-misinformation-e5846b3aa1e2



AMPLIFY HUMAN 
JUDGMENT, 
DON’T REPLACE IT

ML reinforces normal, so…



• WEIRDNESS 
• NARROW DOMAINS 
• OPAQUE LOGIC 
• PROBABILISTIC RESULTS 
• PEGGED TO “NORMAL”

the “grain” of machine learning



HOW WILL VALUES 
AND BEHAVIORS 
SHIFT?

three: how does it change us?



WHAT DO WE 
WANT FROM IT?



WHAT DO WE 
WANT FROM IT?
WHAT DOES IT 
REQUIRE OF US?



IF WE DON’T DECIDE 
FOR OURSELVES, 
THE TECHNOLOGY 
WILL DECIDE FOR US



THE FUTURE 
SHOULD NOT BE 
SELF-DRIVING











• COMPASSIONATE



• COMPASSIONATE
• AFFORDABLE



• COMPASSIONATE
• AFFORDABLE
• MORE JOBS





WE’RE INVENTING 
THE FUTURE 
TOGETHER



THIS IS A TIME 
FOR WILD IDEAS



MORE ON THIS:

mindfultechnology.com 
juvetagenda.org 
bigmedium.com



THANKS! josh clark 
@bigmediumjosh 

bigmedium.com

MORE ON THIS:

mindfultechnology.com 
juvetagenda.org 
bigmedium.com


